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Summary
HyperCoast is a Python package designed to provide an accessible and comprehensive set of
tools for visualizing and analyzing hyperspectral data in coastal environments. Hyperspectral
data refers to the information collected by sensors that capture light across a wide range
of wavelengths, beyond what the human eye can see. This data allows scientists to detect
and analyze various materials and conditions on the Earth’s surface with great detail. Unlike
multispectral data, which captures light in a limited number of broad wavelength bands
(typically 3 to 10), hyperspectral data captures light in many narrow, contiguous wavelength
bands, often numbering in the hundreds. This provides much more detailed spectral information.
Leveraging the capabilities of popular packages like Leafmap (Wu, 2021) and PyVista (Sullivan
& Kaszynski, 2019), HyperCoast streamlines the exploration and interpretation of complex
hyperspectral remote sensing data from existing spaceborne and airborne missions. It is also
poised to support future hyperspectral missions, such as NASA’s SBG and GLIMR (Dierssen
et al., 2021).

HyperCoast supports the reading and visualization of hyperspectral data from various missions,
including the Airborne Visible/Infrared Imaging Spectrometer (AVIRIS) (Green et al., 1998),
the National Ecological Observatory Network (NEON) Airborne Observation Platform (AOP)
(Kampe et al., 2010), the Plankton, Aerosol, Cloud, ocean Ecosystem (PACE) mission (Gorman
et al., 2019), the Earth Surface Mineral Dust Source Investigation (EMIT) (Green et al., 2021),
and the German Aerospace Center (DLR) Earth Sensing Imaging Spectrometer (DESIS)
(Alonso et al., 2019), along with other datasets like the ECOsystem Spaceborne Thermal
Radiometer Experiment on Space Station (ECOSTRESS) (Fisher et al., 2020). Users can
interactively explore hyperspectral data, extract spectral signatures, change band combinations
and colormaps, visualize data in 3D, and perform interactive slicing and thresholding operations
(see Figure 1). Additionally, by leveraging the earthaccess (Barrett et al., 2024) package,
HyperCoast provides tools for interactively searching NASA’s hyperspectral data. This makes
HyperCoast a versatile and powerful tool for working with hyperspectral data globally, with a
particular focus on coastal regions.
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Figure 1. An example of visualizing NASA EMIT hyperspectral data using HyperCoast.

Statement of Need
Coastal systems, characterized by complex physical, chemical, and bio-optical processes (Liu
et al., 2019), play a crucial role in connecting terrestrial landscapes with marine ecosystems
(Pringle, 2001). These systems have undergone significant anthropogenic modifications (Elliott
& Quintino, 2007) and are particularly vulnerable to the impacts of climate change (Junk et al.,
2013). This diverse array of stressors underscores the increasing need to enhance monitoring
techniques and capabilities. Hyperspectral views of coastal systems provide significantly greater
spectral details for characterizing biodiversity, habitats, water quality, and both natural and
anthropogenic hazards, such as oil spills and harmful algal blooms (HABs).

The launch of new hyperspectral sensors, such as NASA’s Ocean Color Instrument (OCI)
aboard the Plankton, Aerosol, Cloud, ocean Ecosystem (PACE) mission (Gorman et al., 2019),
marks a transformative era in global hyperspectral data acquisition. These sensors feature
narrow spectral bands ranging from ultraviolet to near-infrared and offer 2-day global coverage.
Focusing on inland-coastal applications, the Earth Surface Mineral Dust Source Investigation
(EMIT) instrument serves as a precursor to the Surface Biology Geology (SBG) mission,
combining high spectral resolution (380-2500 nm with a spectral resolution of 7.4 nm) and
spatial resolution (60 m). EMIT provides significant hyperspectral advantages for monitoring
water quality and biodiversity across diverse habitats (see Figure 1) (Green et al., 2021;
Thompson et al., 2020).

However, effectively working with and visualizing diverse hyperspectral data, such as PACE’s
swath data, poses significant challenges, especially for non-expert users. Currently, there are
few Python packages dedicated to hyperspectral data visualization and analysis. HyperSpy
(De La Peña et al., 2017), for example, is widely used for such analysis but is not tailored
for new hyperspectral data (e.g., PACE, EMIT). Additionally, it does not leverage the latest
advances in the Jupyter Widget ecosystem and 3D visualization.

HyperCoast fills this gap by providing a comprehensive set of tools tailored to the unique
needs of researchers and environmental managers working in coastal regions. By integrating
advanced visualization techniques and interactive tools, HyperCoast enables users to effectively
analyze hyperspectral data, facilitating a better understanding and management of coastal
ecosystems (see Figure 2).
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Figure 2. An example of mapping chlorophyll-a concentration using NASA PACE hyperspectral
data with HyperCoast.

Acknowledgements
The HyperCoast project draws inspiration from the nasa/EMIT-Data-Resources repository.
Credit goes to the original authors. We also acknowledge the NASA EMIT program support
through grant no. 80NSSC24K0865. We also acknowledge contributions from community
contributors, including Arfy Slowy, Guillermo E. Ponce-Campos, and Alex Leith.

References
Alonso, K., Bachmann, M., Burch, K., Carmona, E., Cerra, D., Los Reyes, R. de, Dietrich, D.,

Heiden, U., Hölderlin, A., Ickes, J., Knodt, U., Krutz, D., Lester, H., Müller, R., Pagnutti,
M., Reinartz, P., Richter, R., Ryan, R., Sebastian, I., & Tegler, M. (2019). Data Products,
Quality and Validation of the DLR Earth Sensing Imaging Spectrometer (DESIS). Sensors,
19(20). https://doi.org/10.3390/s19204471

Barrett, A., Battisto, C., Bourbeau, J., Fisher, M., Kaufman, D., Kennedy, J., Lopez, L.,
Lowndes, J., Scheick, J., & Steiker, A. (2024). earthaccess (Version v0.9.0). Zenodo.
https://doi.org/10.5281/zenodo.10728098

De La Peña, F., Ostasevicius, T., Tonaas Fauske, V., Burdet, P., Jokubauskas, P., Nord,
M., Prestat, E., Sarahan, M., MacArthur, K. E., Johnstone, D. N., Taillon, J., Caron, J.,
Furnival, T., Eljarrat, A., Mazzucco, S., Migunov, V., Aarholt, T., Walls, M., Winkler,
F., … Chang, H.-W. (2017). Hyperspy/Hyperspy: HyperSpy 1.3. In Zenodo. Zenodo.
https://doi.org/10.5281/zenodo.583693

Dierssen, H. M., Ackleson, S. G., Joyce, K. E., Hestir, E. L., Castagna, A., Lavender, S., &
McManus, M. A. (2021). Living Up to the Hype of Hyperspectral Aquatic Remote Sensing:
Science, Resources and Outlook. Frontiers of Environmental Science & Engineering in
China, 9. https://doi.org/10.3389/fenvs.2021.649528

Elliott, M., & Quintino, V. (2007). The Estuarine Quality Paradox, Environmental Homeostasis
and the Difficulty of Detecting Anthropogenic Stress in Naturally Stressed Areas. Marine
Pollution Bulletin, 54(6), 640–645. https://doi.org/10.1016/j.marpolbul.2007.02.003

Liu, & Wu. (2024). HyperCoast: A Python Package for Visualizing and Analyzing Hyperspectral Data in Coastal Environments. Journal of Open
Source Software, 9(100), 7025. https://doi.org/10.21105/joss.07025.

3

https://github.com/nasa/EMIT-Data-Resources
https://github.com/slowy07
https://github.com/gponce-ars
https://github.com/alexgleith
https://doi.org/10.3390/s19204471
https://doi.org/10.5281/zenodo.10728098
https://doi.org/10.5281/zenodo.583693
https://doi.org/10.3389/fenvs.2021.649528
https://doi.org/10.1016/j.marpolbul.2007.02.003
https://doi.org/10.21105/joss.07025


Fisher, J. B., Lee, B., Purdy, A. J., Halverson, G. H., Dohlen, M. B., Cawse-Nicholson,
K., Wang, A., Anderson, R. G., Aragon, B., Arain, M. A., Baldocchi, D. D., Baker, J.
M., Barral, H., Bernacchi, C. J., Bernhofer, C., Biraud, S. C., Bohrer, G., Brunsell, N.,
Cappelaere, B., … Hook, S. (2020). ECOSTRESS: NASA’s Next Generation Mission
to Measure Evapotranspiration from the International Space Station. Water Resources
Research, 56(4), e2019WR026058. https://doi.org/10.1029/2019wr026058

Gorman, E. T., Kubalak, D. A., Patel, D., Dress, A., Mott, D. B., Meister, G., & Jeremy
Werdell, P. (2019). The NASA Plankton, Aerosol, Cloud, Ocean Ecosystem (PACE) Mission:
An Emerging Era of Global, Hyperspectral Earth System Remote Sensing. Sensors, Systems,
and Next-Generation Satellites XXIII, 11151, 78–84. https://doi.org/10.1117/12.2537146

Green, R. O., Eastwood, M. L., Sarture, C. M., Chrien, T. G., Aronsson, M., Chippendale,
B. J., Faust, J. A., Pavri, B. E., Chovit, C. J., Solis, M., Olah, M. R., & Williams, O.
(1998). Imaging Spectroscopy and the Airborne Visible/Infrared Imaging Spectrometer
(AVIRIS). Remote Sensing of Environment, 65(3), 227–248. https://doi.org/10.1016/
S0034-4257(98)00064-9

Green, R. O., Thompson, D. R., & EMIT Team. (2021). NASA’s Earth Surface Mineral
Dust Source Investigation: An Earth Venture Imaging Spectrometer Science Mission.
2021 IEEE International Geoscience and Remote Sensing Symposium IGARSS, 119–122.
https://doi.org/10.1109/IGARSS47720.2021.9554217

Junk, W. J., An, S., Finlayson, C. M., Gopal, B., Květ, J., Mitchell, S. A., Mitsch, W. J.,
& Robarts, R. D. (2013). Current State of Knowledge Regarding the World’s Wetlands
and Their Future Under Global Climate Change: A Synthesis. Aquatic Sciences, 75(1),
151–167. https://doi.org/10.1007/s00027-012-0278-z

Kampe, T. U., Johnson, B. R., Kuester, M. A., & Keller, M. (2010). NEON: The First
Continental-Scale Ecological Observatory with Airborne Remote Sensing of Vegetation
Canopy Biochemistry and Structure. Journal of Applied Remote Sensing, 4(1), 043510.
https://doi.org/10.1117/1.3361375

Liu, B., D’Sa, E. J., & Joshi, I. (2019). Multi-Decadal Trends and Influences on Dis-
solved Organic Carbon Distribution in the Barataria Basin, Louisiana from In-Situ and
Landsat/MODIS Observations. Remote Sensing of Environment, 228, 183–202. https:
//doi.org/10.1016/j.rse.2019.04.023

Pringle, C. M. (2001). Hydrologic Connectivity and the Management of Biological Reserves:
A Global Perspective. Ecological Applications: A Publication of the Ecological Society
of America, 11(4), 981–998. https://doi.org/10.1890/1051-0761(2001)011%5B0981:
HCATMO%5D2.0.CO;2

Sullivan, C., & Kaszynski, A. (2019). PyVista: 3D Plotting and Mesh Analysis Through a
Streamlined Interface for the Visualization Toolkit (VTK). Journal of Open Source Software,
4(37), 1450. https://doi.org/10.21105/joss.01450

Thompson, D. R., Braverman, A., Brodrick, P. G., Candela, A., Carmon, N., Clark, R. N.,
Connelly, D., Green, R. O., Kokaly, R. F., Li, L., Mahowald, N., Miller, R. L., Okin, G. S.,
Painter, T. H., Swayze, G. A., Turmon, M., Susilouto, J., & Wettergreen, D. S. (2020).
Quantifying Uncertainty for Remote Spectroscopy of Surface Composition. Remote Sensing
of Environment, 247, 111898. https://doi.org/10.1016/j.rse.2020.111898

Wu, Q. (2021). Leafmap: A Python Package for Interactive Mapping and Geospatial Analysis
with Minimal Coding in a Jupyter Environment. Journal of Open Source Software. https:
//doi.org/10.21105/joss.03414

Liu, & Wu. (2024). HyperCoast: A Python Package for Visualizing and Analyzing Hyperspectral Data in Coastal Environments. Journal of Open
Source Software, 9(100), 7025. https://doi.org/10.21105/joss.07025.

4

https://doi.org/10.1029/2019wr026058
https://doi.org/10.1117/12.2537146
https://doi.org/10.1016/S0034-4257(98)00064-9
https://doi.org/10.1016/S0034-4257(98)00064-9
https://doi.org/10.1109/IGARSS47720.2021.9554217
https://doi.org/10.1007/s00027-012-0278-z
https://doi.org/10.1117/1.3361375
https://doi.org/10.1016/j.rse.2019.04.023
https://doi.org/10.1016/j.rse.2019.04.023
https://doi.org/10.1890/1051-0761(2001)011%5B0981:HCATMO%5D2.0.CO;2
https://doi.org/10.1890/1051-0761(2001)011%5B0981:HCATMO%5D2.0.CO;2
https://doi.org/10.21105/joss.01450
https://doi.org/10.1016/j.rse.2020.111898
https://doi.org/10.21105/joss.03414
https://doi.org/10.21105/joss.03414
https://doi.org/10.21105/joss.07025

	Summary
	Statement of Need
	Acknowledgements
	References

